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Hyperproperties. Clarkson and Schneider (CSF 2008)
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Temporal Logics for Hyperproperties. Clarkson, Finkbeiner, Koleini, Micinski, Rabe, and Sanchez. (POST 2014).
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Temporal Logics for Hyperproperties. Clarkson, Finkbeiner, Koleini, Micinski, Rabe, and Sanchez. (POST 2014).
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Temporal Logics for Hyperproperties. Clarkson, Finkbeiner, Koleini, Micinski, Rabe, and Sanchez. (POST 2014).
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Unifying hyper and epistemic temporal logics. Bozzelli, Maubert, Pinchinat (FoSSaCS 2015)
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Available Reusable

Implementation

Instance Method Res t n Method Res ¢ Instance Method Res ¢

Tsyn, POD - v 0.26 1 Iter (1) v 0.51 SWAPA Learn v 1.07
Tasyn, POD - X 0.31 2 Iter (3) v 0.83 SWAPATWICE Learn v 2.13
Toun, ©on lter (0) v 0.50 3 Iter (5) 4 1.20 SWAPA5 Iter (5) v/ 1.15
Tasyn, Pop’  Iter (1) v 0.78 10 Tter (19) 3.81 SWAPA 15 Iter (15) v 3.04
Q1, pop - X 0.34 100 Iter (199) Vv 102.8  SwAPAVIOLATION; Iter (5) X 2.35
QL, vop" Iter (1) v 0.86 SWAPAVIOLATION15 Iter (15) X 4.21

Common Knowledge

Asynchronous Hyperproperties

Mazurkiewicz Traces
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